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Abstract

This study examines whether companies’ patents
obtained had less impact on future operating cash
flows during the period of most patent troll
litigation, 2010 to 2014. We conduct analyses using
cash flow predictive models and observations from
companies that had consistently obtained patents
granted by the U.S. Patent and Trademark Office.
Regression results provide evidence to support our
hypothesis that the value of the number of patents
obtained in predicting operating cash flow was
lower from 2010 to 2014, than before 2010. From a
policy standpoint, our findings support recent
legislative and judicial actions that have limited the
ability of entities to file patent infringement
lawsuits.
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INTRODUCTION AND MOTIVATION

This study examines whether the recent increases in
number of patents granted and patent lawsuits filed reduced the
value of patents as measured by their incremental ability to predict
future operating cash flows. Non-practicing entities (NPEs) are
companies that typically own patents but do not practice the
technology covered by their patents. Their main business strategy
is to claim license fees and/or litigate against patent infringement.
These litigations brought by NPEs led to a surge in patent litigation
from 2010 to 2014 (Risch 2015). Up until 2009, NPEs filed a
relatively small fraction of patent infringement lawsuits (Cotropia
et al., 2014). By 2015, Ars Technica estimated that over two thirds
of all patent lawsuits were filed by NPEs (Mullen 2016).

Although not defined clearly, many NPEs were referred to
as “patent trolls” (Mullen 2016). Magliocca (2007) postulated that
NPEs were most successful when they obtained out-of-court
settlements before reaching jury verdicts. Allison et al. (2011)
found that the most highly litigated patents experienced a 90% pre-
verdict settlement rate in lawsuits. Also, a PWC (2016) report
noted that damage awards to NPEs in patent litigation averaged
almost three times more than awards to other entities from 2011 to
2015.

Recently, Supreme Court rulings have limited profitability
of patent trolls. Two 2014 Supreme Court rulings allowed
defendants to more readily receive judgment for legal fees from
plaintiffs filing frivolous suits in patent cases ( PWC 2016; Mullen
2014). Also, two 2017 Supreme Court rulings limited the location
in which a patent infringement case could be filed and limited the
market basis for which a claim can be filed (Klein 2017).
Likewise, over the years Congress considered several pieces of
legislation intended to protect the patent rights of inventors. !

1 For example, the 2013-14 Congress considered: the Innovation
Act (H.R. 3309), the Patent Transparency and Improvement Act
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Did the increase in patent filings and patent infringement
lawsuits reduce the value of patent count information to investors?
Studies have examined the information content of patents and
R&D expenditures. For example, Bloom and Van Reenen (2002,
p.C97) noted that researchers have used patent counts to proxy for
innovation. Their analysis showed that patents had an immediate
impact on market value, but had a lagged effect on productivity.
The market response reflects an expectation that patents obtained
will generate future cash flows. We test whether the nonfinancial
information provided by patent counts was less useful in predicting
future cash flows during a time of high “patent troll” activities.

Our results provide evidence that increasing numbers of
patents granted and patent troll litigation reduced the value (or at
least cash flow predictive value) of patents obtained. The next
section reviews related literature. Then the methodology and data
are described. Finally, the results and conclusions are discussed.

LITERATURE REVIEW

Use of Nonfinancial Information by Potential Investors

In addition to analyzing traditional financial statements,
many investors and analysts look for non-financial information to
help evaluate companies. For example, Barth, ef al. (2001a, p. 27)
found that financial analysts expend more effort to follow
companies with relatively larger proportions of intangible assets to
market value. Amir and Lev (1996) found that, to investors in the
wireless communications industry, nonfinancial measures were
more relevant than financial measures. @ However, reported

(S. 1720), the Patent Abuse Reduction Act (S. 1013), the Patent
Litigation Integrity Act (S. 1612), the Transparency in Assertion of
Patents Act (S. 2049), and the Stopping the Offensive Use of
Patents Act (STOP Act) (H.R. 2766). The 2017-18 Congress also
considered much similar litigation.
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earnings did help explain securities prices when combined with
nonfinancial measures.

Gelb (2002, p. 459) suggests that firms with high levels of
intangible assets increasingly rely on more informal and flexible
disclosures to improve investor relations. Informal disclosures
(conference calls, other supplemental disclosures in voluntary
publications, and supplemental disclosures in the notes to financial
statements) are a significant source of information about firms that
have substantial intangible assets. Information about patents
obtained fall into this category and are readily available from the
US Patent and Trademark Office.

R&D Expenditures and Patent Counts

Previous research has also examined how investors view
R&D expenditures. Generally accepted accounting principles
(GAAP) currently require the immediate expensing of internal
expenditures for R&D that may create patents and other intangible
property. This method may lead to distorted information in the
financial statements because a firm immediately expenses
intangible investments that could lead to benefits in later periods.
Thus, revenues are not matched with the previously expensed
investments. For example, see Ballester ef al. (2003), Chan, et al.,
(2001), Green, et al., (1996), Lev and Sougiannis (1996), Eberhart
et al. (2004); and Chen et al. (2005). Overall, these studies
indicated that investors value R&D expenditures as investments in
long-lived assets. Consequently, the market believes that R&D
expenditures will generate additional future cash flows.

The mismatching of costs and revenues consequently
affects forecasted earnings, book values, cost of debt, and the
evaluation of growth opportunities. This mismatching also distorts
the cost of capital, and further leads to market mis-pricing (Chan et
al., 2001; Eberhart ef al., 2004). One reason GAAP does not allow
capitalization of R&D expenditures is the uncertainty of related
future cash flows. For example, Kothari ef al. (2002) found that
R&D expenditures produced much greater future earnings
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variability than normal capital expenditures. Also, future earnings
generated from R&D expenditures are much less certain. Shi
(2003) reported that bondholders recognize this uncertainty and
found that R&D measures explain 80 percent of the difference in
bond risk premiums and ratings.

The nonfinancial measure of patents obtained could
provide some verification that R&D expenditures result in
intangible assets that provide future earnings and cash flows.
Pakes (1985) noted considerable evidence of the importance of
technology in the form of patents for firms’ productivity and stock
market performance. Later, Bloom and Van Reenen (2002, p.
C97) observed that while patents impact market values
immediately, the effect upon productivity is lagged and more
prolonged. Thus, immediately expensing costs associated with
patents creates a problem of costs not matching with revenues due
to the requirement that R&D costs be immediately expensed.

Cockburn and Griliches (1988, p. 421) estimated an
implied value of $400,000 to $1 million per patent granted
depending upon the industry. However, the patent variable
became less significant in explaining market value when R&D
variables were added to their models. According to Cockburn and
Griliches (1988, p. 422), patent counts provide some information,
but the information is error prone. They believed that R&D
expenditures provide stronger information than patent counts.

Patent Value

Recent research provides evidence of the value of patents.
For example, de Rassenfosse and Fischer (2016) found that
entrepreneurs with patents available for collateral significantly
increase their chance of obtaining a loan from venture capitalists.
In fact, even startups without tangible assets and incurring negative
cash flows could obtain venture loans when holding patents.

Plumlee et al. (2015) examined whether bank loan
contracts could be impacted by a Notice of Allowance (NOA)
issued by the US Patent and Technology Office (USPTO) notifying
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a patent applicant that the patent is pending approval. An NOA
indicates that a patent is forthcoming if fees are paid within three
months and is a private communication between the USPTO and
patent applicants. However, banks may ask for, and be influenced
by, private information regarding lending decisions. Plumlee et al.
(2015) found that NOAs related to patents, reduced the interest
rates charged by banks to companies that received them.

Trends in Patent Counts

Table 1 shows the trend of utility patents granted by the
USPTO calendar year from 1990 to 2014. Patents granted varies
much from year to year with declines or slower growth in the
numbers during and around economic recessions. The largest
percentage increases occurred in 1998, at the peak of the
technology bubble, and in 2010, the start of the purported patent
troll phenomena. The large number of patents granted continued
steadily through 2014.

Our study investigates whether the association of patent
counts and future operating cash flow diminished during the time
of the most active patent troll litigation from 2010 to 2014. We
included the log of patents obtained and R&D expenditures as
variables in our cash flow forecasting models. With several years
of data, we added a time-based interaction term to see if the
predictive ability of patents had decreased during 2010 to 2014.
Significant findings provide support for the notion that patent
counts’ value in predicting future cash flows diminished.

METHODOLOGY AND DATA
Hypotheses

Many researchers have used the ability to predict future
operating cash flows as a criterion for evaluating the usefulness of
accounting information. (For example, see Cheung et
al., 1997; Krishnan and Largay, 2000; and Barth et al., 2001b).
Patents are one measurable output of R&D that may increase
future cash flows. Increased market value associated with patents
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Table 1
Utility Patents Granted 1990-2014
Calendar Utlity Patents Growth rate of
Granted .
year (inventions) utility patents
2014 300,678 8.22%
2013 277,835 9.75%
2012 253,155 12.76%
2011 224,505 2.23%
2010 219,614 31.23%
2009 167,349 6.07%
2008 157,772 0.31%
2007 157,282 -9.49%
2006 173,772 20.84%
2005 143,806 -12.47%
2004 164,290 -2.80%
2003 169,023 1.01%
2002 167,331 0.78%
2001 166,035 5.42%
2000 157,494 2.61%
1999 153,485 4.05%
1998 147,517 31.73%
1997 111,984 2.13%
1996 109,645 8.11%
1995 101,419 -0.25%
1994 101,676 3.39%
1993 98,342 0.92%
1992 97,444 0.97%
1991 96,511 6.80%
1990 90,365 -5.41%

obtained and higher R&D expenditures indicate that investors
should expect higher future cash flows from the patents and R&D
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expenditures. We follow cash flow prediction research to test the
incremental value of patents obtained by companies prior to 2010
and from 2010 to 2014. We expect higher numbers of patents
granted and patent troll litigation after 2009 to reduce the ability of
patent counts to predict future operating cash flows.
Consequently, we test the following hypotheses:
Hi: The value of the number of patents obtained will be
lower in operating cash flow predictive models
during 2010 to 2014, than previous years.

Data

The patent information was obtained from the US Patent and
Trademark Office (2017), Extended Year Set, Count of Utility
Patent Grants by Calendar Year, which contains a rank ordered
listing of organizations receiving 100 or more utility patents during
1969 — 2014. As of March 22, 2017, the patent report included
over 2,323 entities including corporations, government agencies,
and universities. We limit our sample to relatively recent years
and companies that consistently obtain patents over time.

To be included in our sample, a company must have
obtained at least 10 patents during 2003-2009 and during 2010-
2014. This criterian was met by 341 companies with Compustat
data. With an observation available for each of the 12 years
covered in the sample, 4092 possible data points were available.
However, 1051 of those company-years did not have complete data
necessary in Compustat. Table 2, Panel A shows the process taken
to arrive at our sample of 3041 firm year observations. Table 2,
Panel B provides a breakdown in our sample by one-digit SIC
codes.

Data in Table 2 comes from the National Bureau of
Economic Research list of organizations with the most patents
granted. The sample was limited to companies included in the
Compustat database and that recorded at least 10 patents from
2003 to 2009 and at least 10 patents from 2010 to 2014.
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Table 2
Sample

Panel A: Construction of Usable Sample (2003-2014)
Total organizations from the National Bureau of 2,323

Noncorporate organizations and corporations not 1,881

Corporations in Compustat 442
Corporations lacking consistent patent awards 101
Corporations with 10 patents in both periods 341
Possible years available x12
Total possible observations 4,092
Observations with missing data 1,051
Observations used in analyses 3,041

Panel B: Sample Observation Breakdown by SIC Code

Code Industry_ Observations: Total and per subsample
2003-14 2003-07 2006-09 2010-14

000s  Agriculture, Forestry, and Fishing 71 22 27 38
1000s Mining and Construction 42 20 16 14
2000s Manufacturing, non-durable goods 803 377 280 294
3000s Manufacturing, durable goods 1828 806 628 711
4000s Transportation, Communication,

Electric, Gas and Sanitary Services 36 15 12 15
5000s Wholesale and Retail Trade 0 0 0 0
6000s Finance, Insurance, and Real Estate 44 16 14 20
2000s Hote_l, Personal, and Business

Services 193 83 66 76
8000s Health, Legal, Education, and Social

Services 12 5 4 5
9000s Public Administration 12 5 4 5

Total 3.041

—
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Models

Our models are similar to those used by Cheung, et al.
(1997), which were based on models developed by Lorek and
Willinger (1996). Tsai and Wang (2005), Lin and Chen (2005), and
others have noted that patent applications do not mark the start of
cash flows related to the new intangible asset. R&D expenditures
frequently lead to patents. To determine whether patent and R&D
expenditure measures are useful in predicting future operating cash
flow, we use one-year ahead cash flow from operations plus R&D
expenditures (CFFO¢1+R&Dw+1) and CFFOw; as  dependent
variables. In one model, R&D expenditures are added back to
CFFO because R&D expenditures directly reduce CFFO under
current GAAP.

Following Cheung et al. (1997), our models are specified as:
Model 1: (CFFOw1+R&Dy+1) = aiotou(CFFO+R&Dy)

+0201BDi+03AR: +oul NVt + asAP: +asR&D: + ai7logPat:

+aglateryr*logPat: + &

Model 2: CFFOu+1 = aotoiCFFOt+a2 OIBD+osAR: +oulNV: +
asAP; +asR&D: + ai7logPat: +aslateryr*logPat; + et

All variables except logPAT are scaled by the year-end book value of
total assets.
Where:
(CFFO+1+R&D¢+1) = cash flow from operating activities plus
R&D expenditures during year1/
total assets at end of year+1,
(CFFO¢+R&Dy) = cash flow from operating activities plus R&D
expenditures during yeary/
total assets at end of year,
CFFOg+1 = cash flow from operating activities during year+1/
total assets at end of year:1,
CFFO = cash flow from operating activities during yeary
total assets at end of year;,
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OIBD: = operating income before depreciation during yeary/
total assets at end of year,
AR¢= accounts receivable at the end of yeary
total assets at end of year,
INV= inventory at the end of yeary/
total assets at end of year,
AP;= accounts payable at the end of yeary/
total assets at end of year,
R&D: = expenditures for research and development during
yeary/total assets at end of year,
LogPAT:=log of (1 + number of patents obtained by the
company during year), and
(lateryr*logPAT) = interaction between log of (1 + patents
obtained by the company during year), and lateryr:
where lateryr = 0 if year <2009, 1 if year > 2009.

To test our hypothesis, the coefficient of the interaction term
lateryr*logPAT;is of interest.

RESULTS

Descriptive Statistics

To focus on companies for which patents obtained might
provide useful information to potential investors, we limit our
sample to companies that consistently obtained patents during the
time of interest. Consequently, our sample contained firm-year
observations for companies that obtained at least 10 patents during
the years 2003 to 2009 and from 2010 to 2014. Table 3 reports
descriptive statistics of the variables in the sample. To reduce the
impact of extreme observations, we Windsorized the variables at
the 1% level. We expect that the value of patents in predicting
future cash flows may have diminished in 2010 to 2014, compared
to earlier periods. Because our hypothesis deals with a change in
the value of patents over time, Table 3 also provides descriptive



Table 3
Descriptive Statistics

2003-14 2006-2009 2010-2014 2003-2007

Variable All Std Std Std Std

Obs. | Mean = Dev Obs. | Mean | Dev Obs. | Mean | Dev Obs. | Mean @ Dev
Sizet 3041 795 1.97 1051  7.89 | 1.94 1178 @ 8.19 | 2.06 1349  7.73 | 1.86
CFFOw1+R&Dw1 | 3041 | 0.15 ) 0.13 1051 | 0.15 | 0.13 1178 | 0.15 | 0.14 1349 | 0.15 | 0.13
CFFO+R&.Dy 3041 0.16 | 0.13 1051 | 0.16 | 0.12 1178 0.16 | 0.13 1349 | 0.15 0.12
CFFOu+1 3041 0.08 0.16 1051 @ 0.08 | 0.17 1178 = 0.07 | 0.17 1349 | 0.08 | 0.16
CFFO¢ 3041 0.09 0.13 1051 | 0.09 | 0.13 1178 = 0.10 | 0.12 1349 | 0.09 | 0.13
OIBD; 3041 0.12 1 0.15 1051 | 0.12 | 0.16 1178 0.13| 0.14 1349 | 0.12 0.15
ARy 3041 0.15| 0.09 1051 @ 0.16 | 0.09 1178 0.15 | 0.09 1349 | 0.15 | 0.09
INV; 3041 0.10 | 0.07 1051 | 0.11 | 0.07 1178 0.11 | 0.07 1349 | 0.10 0.07
AP; 3041 | 0.07  0.05 1051 | 0.07 | 0.05 1178 | 0.07 | 0.05 1349 0.07 @ 0.05
logPAT: 3041 336 1.50 1051 @ 3.14 | 1.42 1178 | 3.67 | 1.60 1349  3.16 @ 1.40
R&Dx 3041 0.07 | 0.08 1051 @ 0.08 | 0.08 1178 = 0.07 | 0.08 1349 | 0.15 | 0.13
Lateryr 3041 0.39 049 1051 ' 0.00 | 0.00 1178 | 1.00 | 0.00 1349 | 0.00 | 0.00

T-test results for difference between 2006-2009 period and 2010-2014, and 2003-2007 period and 2010-
2014: Bold = p-value < 0.01; Bold = p-value < 0.05; = p-value <0.10
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Table 3
Legend

(CFFOw11R&D¢+1) = cash flow from operating activities plus R&D expenditures during year1/

total assets at end of year+1,
(CFFO#+R&Dy) = cash flow from operating activities plus R&D expenditures during yeary

total assets at end of year,
CFFOu = cash flow from operating activities during year+1/total assets at end of year1,
CFFO; = cash flow from operating activities during yeary/total assets at end of year,
OIBD: = operating income before depreciation during yeary/total assets at end of year,
AR¢= accounts receivable at the end of yeary/total assets at end of year:,
INV= inventory at the end of yeary/total assets at end of year,
APi= accounts payable at the end of yeary/total assets at end of year,
R&D: = expenditures for research and development during yeary/total assets at end of year,
LogPAT:=log of (1 + number of patents obtained by the company during year;), and
(lateryr*logPAT;) = interaction between log of

(1 + patents obtained by the company during year;), and lateryr:
where lateryr = 0 if year <2009, 1 if year > 2009.



statistics of three different time periods: the later period, 2010-
2014, and earlier periods 2006-2009 and 2003-2007.

The periods 2006-2009 and 2003-2007 were chosen so that
the number of observations would be comparable to 2010-2014.
While 2006 and 2009 is closer to the later period of 2010-2014,
this period was impacted greatly by the 2008-2009 international
financial crisis and “Great Recession”. Unusually bad economic
conditions could distort the results of cash flow prediction models
including the impact of patents granted. Consequently, 2003-2007
data was also used as our earlier period. As indicated in Table 3,
the means of our variables in the earlier and later time period are
similar except for company size and the log of patents.

Multivariate Regression Analyses

Table 4 reports the regression results for Model 1 with
CFFOw1+R&Dy+1 as the dependent variable. The model includes
the same variables as the Cheung et al. (1997) cash flow predictive
model plus R&D;, logPAT:, and lateryr*logPAT: Regression
performed on our complete data set (3041 observations from 2003-
2014) produced an adjusted R? of 0.580. Variables CFFO+R&D:,
OIBD; , R&Dy, and logPAT,, are all statistically significant with
expected (positive) signs on the coefficients. The significance and
negative sign on the coefficient for lateryr*logPAT: supports our
hypothesis, indicating that patents obtained from 2010 to 2014
have a less positive impact on future cash prediction models than
those obtained before 2010.

To focus on operating cash flows, Table 5 reports the
regression results for Model 2 with CFFOujas the dependent
variable. Regression performed on our complete data set produced
an adjusted R? of 0.327.2 This analysis produces results very

2 Comparatively, cash flow prediction models for almost the entire set of
Compustat companies constructed by Barth et al. (2001b) produced adjusted R2s
of around 0.35 to 0.39.
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similar to those of Model 1, with several explanatory variables
significant in the expected direction. In this analysis, R&D:x is no
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Table 4
Regression Results (CFFO¢1+R&Dy¢+1)
2006-2009, 2003-2007,
2003-2014 2010-2014 2010-2014
Observations| Observations | Observations
Variables! N=| 3,041 2,229 2,527
Intercept 0.005 -0.005 0.000
Sizey 0.000 0.001 0.001
CFFO+ R&Dx 0.661*** 0.623%** 0.680%**
OIBD: 0.137%** 0.153%** 0.1327%**
AR 0.011 0.015 0.011
INV; -0.006 0.003 -0.019
APy -0.089** -0.055 -0.091**
R&Dx 0.247*** 0.315%** 0.229%**
logPAT: 0.004*** 0.002 0.005%**
Lateryr*logPAT:| -0.002** -0.001 -0.003***
Adjusted R? 0.580 0.546 0.594

* significant at 10% level; ** significant at 5% level;
***significant at 1% level
! See Table 3 for a description of the variables.
Model: (CFFO1+R&Di+1) = ao + aiSize + a2 (CFFO+R&Dy)
+030IBD: + 04AR¢ + asINV + as APy +o7R& Dy
+oglogPAT+ ao(Lateryr*logPATy) +&;

longer significant, but logPAT,, is positive and significant. The

coefficient for lateryr*logPAT; is negative and significant.

This

result supports our hypothesis that the value of patents in
predicting future cash flows diminished.
To assess the impact of the financial crisis, Tables 4 and 5
report regression results for analyses with observations from two
subsets of the total sample, 2006-2014 with 2229 observations, and
2003-2007 and 2010-2014 with 2527 observations. The subsample
for 2006 to 2014 produces the lowest adjusted R? of the three time
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Table 5
Regression Results CFFO¢+1
2006-2009, | 2003-2007,
2003-2014 | 2010-2014 | 2010-2014
Observations|Observations| Observations

Variables! N=| 3,041 2,229 2,527
Intercept -0.056%** | -0.074%** -0.065%**
Size: 0.008%** 0.010%** 0.009%***
CFFOq 0.443%** 0.271%** 0.463%**
OIBD: 0.226%** 0.325%** 0.222%**
AR 0.012 0.005 0.017
INV: 0.079* 0.067 0.079*
AP; -0.176*** -0.088 -(.222%**
R&D: -0.028 -0.012 -0.019
logPAT; 0.004* 0.002 0.004*
Lateryr*logPAT; | -0.004%** -0.002 -0.004%***
Adjusted R? 0.327 0.271 0.333

* significant at 10% level; ** significant at 5% level;
*#*significant at 1% level
! See Table 3 for a description of the variables.
Model: CFFOw1 =+ auSizer + oo CFFO:+ o3OIBD; +
AR + asINV; + asAP; +o7R&D; +oiglogP AT+
owo(Lateryr*logPATy) +et

periods, with insignificant coefficients on both logPAT; and
lateryr*logPAT;. In contrast, the subsample for 2003-2007 and
2010-2014 produces the highest adjusted R? of the 3 time periods
and the coefficients on both logPAT:, and lateryr*logPAT; are
significant with the expected signs. Thus, we can conclude that
results support our hypothesis when excluding 2008 and 2009
observations which may have been impacted by the severe

economic conditions during the Great Recession.
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Sensitivity and Robustness Tests

Because we had Windsorized our variables at the 1% level
we also ran the regressions without Windsorizing the most extreme
one percent of observations. The results were similar but
somewhat weaker without Windsorization. Because cash inflows
may lag granting of a patent, we also conducted the analyses with
logPAT and, lateryr*logPAT.1 as explanatory variables. These
analyses produced very similar results to those reported in Tables 4
and 5.

Because observations for the same companies are taken
over successive years, some assumptions necessary for unbiased
significant tests may not be met. Thus, we also conducted
regression with robust standard errors in SAS. Statistical tests
conducted with robust standard errors produced the same results as
those from the initial analyses.

CONCLUSIONS

This is the first study to examine whether companies’
patents obtained had less impact on future operating cash flows
during the period of most patent troll litigation, 2010 to 2014. We
focused on predicting operating cash flows one year ahead for
companies who had consistently obtained patents granted by the
U.S. Patent and Trademark Office over time. We used models
similar to those used by Cheung, et al. (1997) to predict operating
cash flows one year ahead. Regression results provide evidence to
support our hypothesis that the value of the number of patents
obtained in predicting operating cash flow was lower for the
period from 2010 to 2014, than before 2010.

These results indicate that patent troll activity did skew the
value of patents regarding future operating cash flows. Less impact
on operating cash flows could have resulted from an overall
decrease in the value of patents because of the high number of
patents filed during that time, or because defending patent
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infringement litigation from patent trolls significantly reduced the
net operating cash flows of the publicly traded companies included
in our sample. From a policy standpoint, our findings support the
decisions made to limit the ability of NPEs to file patent
infringement lawsuits.



Journal of Accounting, Ethics & Public Policy 95
Volume 20, No. 1 (2019)

References

Allison, J. R, M. A. Lemley, and J. Walker, (2011), ‘Patent
Quality and Settlement Among Repeat Patent Litigants,’
Georgetown Law Journal. 99:3, 677-712.

Amir, E., and B. Lev (1996), ‘Value-relevance of Nonfinancial
Information: The Wireless Communications Industry,’
Journal of Accounting and Economics, Vol. 22, pp.3-30.

Ballester, M., M. Garcia-Ayuso, and, J. Livnat, (2003), ‘The
economic value of the R&D intangible asset,” European
Accounting Review, Vol. 12 (December), pp. 605-34.

Barth, M. E., R. Kasznik, and M. F. McNichols (2001a), ‘Analyst
Coverage and Intangible Assets,” Journal of Accounting
Research, Vol. 39, (June), pp. 1-34.

Barth, M. E., D. P. Cram, and K. K. Nelson (2001b), ‘Accruals and
the prediction of future cash flows,” The Accounting Review,
Vol. 76 (1), pp. 27-58.

Bloom, N., J. Van Reenen (2002), ‘Patents, Real Options and Firm
Performance,” Economic Journal, Vol. 112 (March), pp
C97-C116.

Chan, L. K., J. Lakonishok, and T. Sougiannis (2001), ‘The Stock
Market Valuation of Research and Development
Expenditures,” The Journal of Finance, Vol. 56,
(December), pp. 2431-2456

Chen, M., S. Cheng, and Y. Hwang. (2005), ‘An empirical
investigation of the relationship between intellectual
capital and firms’ market value and financial performance.’
Journal of Intellectual capital 6 (2): pp.159-176.

Cheung, J. K., G. V. Krishnan, and C. Min. (1997), ‘Does interperiod
income tax allocation enhanced prediction of cash flows?’
Accounting Horizons 11 (4), pp.1-15.

Cockburn, I., and Z. Griliches (1988), ‘Industry Effects and
Appropriability Measures in the Stock Market's Valuation
of R&D and Patents,” American Economic Review, Vol.
78, (May), pp. 419-24.


http://web24.epnet.com/citation.asp?tb=1&_ua=%5F0&_ug=sid+4454E960%2DA97B%2D43EA%2DAB40%2D6996BD500ABF%40sessionmgr3+dbs+buh+cp+1+F084&_us=fcl+Aut+hs+True+or+Date+ss+SO+sm+KS+sl+%2D1+dstb+KS+ri+KAAACBUC00021086+B758&_uh=btn+Y+md+B+EEBF&_uso=hd+False+tg%5B0+%2D+st%5B0+%2DJN++%22European++Accounting++Review%22++and++DT++20031201+db%5B0+%2Dbuh+op%5B0+%2D+81E9&fn=1&rn=2
http://web24.epnet.com/citation.asp?tb=1&_ua=%5F0&_ug=sid+4454E960%2DA97B%2D43EA%2DAB40%2D6996BD500ABF%40sessionmgr3+dbs+buh+cp+1+F084&_us=fcl+Aut+hs+True+or+Date+ss+SO+sm+KS+sl+%2D1+dstb+KS+ri+KAAACBUC00021086+B758&_uh=btn+Y+md+B+EEBF&_uso=hd+False+tg%5B0+%2D+st%5B0+%2DJN++%22European++Accounting++Review%22++and++DT++20031201+db%5B0+%2Dbuh+op%5B0+%2D+81E9&fn=1&rn=2
http://web24.epnet.com/citation.asp?tb=1&_ua=sd+American++Economic++Review+bo+S%5FDE+lst+American++Machinist+db+buhjnh+fst+American++Economic++Review+shn+1+dt+american++economic++review+bt+american++economic++review+do+S%5FDE+3C21&_ug=sid+4454E960%2DA97B%2D43EA%2DAB40%2D6996BD500ABF%40sessionmgr3+dbs+buh+cp+1+F084&_us=fcl+Aut+hs+True+or+Date+ss+SO+sm+KS+sl+%2D1+dstb+KS+ri+KAAACBUC00022498+F3A6&_uh=btn+Y+md+B+EEBF&_uso=hd+False+tg%5B0+%2D+st%5B0+%2DJN++%22American++Economic++Review%22++and++DT++19880501+db%5B0+%2Dbuh+op%5B0+%2D+C7D2&fn=71&rn=73
http://web24.epnet.com/citation.asp?tb=1&_ua=sd+American++Economic++Review+bo+S%5FDE+lst+American++Machinist+db+buhjnh+fst+American++Economic++Review+shn+1+dt+american++economic++review+bt+american++economic++review+do+S%5FDE+3C21&_ug=sid+4454E960%2DA97B%2D43EA%2DAB40%2D6996BD500ABF%40sessionmgr3+dbs+buh+cp+1+F084&_us=fcl+Aut+hs+True+or+Date+ss+SO+sm+KS+sl+%2D1+dstb+KS+ri+KAAACBUC00022498+F3A6&_uh=btn+Y+md+B+EEBF&_uso=hd+False+tg%5B0+%2D+st%5B0+%2DJN++%22American++Economic++Review%22++and++DT++19880501+db%5B0+%2Dbuh+op%5B0+%2D+C7D2&fn=71&rn=73
http://web24.epnet.com/citation.asp?tb=1&_ua=sd+American++Economic++Review+bo+S%5FDE+lst+American++Machinist+db+buhjnh+fst+American++Economic++Review+shn+1+dt+american++economic++review+bt+american++economic++review+do+S%5FDE+3C21&_ug=sid+4454E960%2DA97B%2D43EA%2DAB40%2D6996BD500ABF%40sessionmgr3+dbs+buh+cp+1+F084&_us=fcl+Aut+hs+True+or+Date+ss+SO+sm+KS+sl+%2D1+dstb+KS+ri+KAAACBUC00022498+F3A6&_uh=btn+Y+md+B+EEBF&_uso=hd+False+tg%5B0+%2D+st%5B0+%2DJN++%22American++Economic++Review%22++and++DT++19880501+db%5B0+%2Dbuh+op%5B0+%2D+C7D2&fn=71&rn=73

96 Foster & Chou: Patent Trolling and Cash Flow Prediction

Cotropia, C. A., J. P. Kesan, and D. L. Schwatz (2014),
‘Unpacking Patent Assertion Entities (PAEs),” Minnesota
Law Review, Vol. 99, Issue 2, pp. 649-704

de Rassenfosse, G. and T. Fischer. (2016), ‘Venture Debt

Financing: Determinants of the Lending
Decision.” Strategic Entrepreneurship Journal 10.3: 235-
256.

Eberhart, A., W. Maxwell, and A. Siddique (2004), ‘An
examination of long-term abnormal stock returns and
operating performance following R&D increase.” The
Journal of Finance 59 (2): pp.623-650.

Gelb, D. S. (2002), ‘Intangible Assets and Firms’ Disclosures: An
Empirical Investigation,” Journal of Business Finance &
Accounting, Vol. 29, (April/May), pp. 457-476.

Green, J., A. W. Stark, and A. M. Thomas. (1996), ‘UK evidence
on the market valuation of research and development
expenditures,” Journal of Business Finance & Accounting,
Vol. 23 (March), pp. 191-217.

Klein, A. (2017), ‘U.S. Supreme Court Kicks Patent Trolls to the
Curb,’ Business Quest,
http://www.westga.edu/~bguest/2017/kline1-2017.pdf

Kothari, S. P. T. E. Lagurre, and A. J. Leone (2002),
‘Capitalization versus Expensing: Evidence on the
Uncertainty of Future Earnings from Capital Expenditures
versus R&D Outlays,” Review of Accounting Studies, Vol.
7 (December), pp. 355-382.

Krishnan, G. V. and J. A. Largay III (2000), ‘The predictive ability of
direct method cash flow information,” Journal of Business
Finance & Accounting, Vol. 27 (1 & 2), pp. 215-245.

Lev, B. and T. Sougiannis (1996), ‘The Capitalization,
Amortization, and Value-Relevance of R&D,’ Journal of
Accounting & Economics, Vol. 21, (February), pp. 107-
139.



http://proquest.umi.com/pqdweb?index=33&did=000000009567267&SrchMode=3&sid=3&Fmt=2&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197079&clientId=9580
http://proquest.umi.com/pqdweb?index=33&did=000000009567267&SrchMode=3&sid=3&Fmt=2&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197079&clientId=9580
http://proquest.umi.com/pqdweb?index=33&did=000000009567267&SrchMode=3&sid=3&Fmt=2&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197079&clientId=9580
http://www.westga.edu/~bquest/2017/kline1-2017.pdf
http://proquest.umi.com/pqdweb?index=0&did=000000330927821&SrchMode=3&sid=4&Fmt=10&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197188&clientId=9580
http://proquest.umi.com/pqdweb?index=0&did=000000330927821&SrchMode=3&sid=4&Fmt=10&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197188&clientId=9580
http://proquest.umi.com/pqdweb?index=0&did=000000330927821&SrchMode=3&sid=4&Fmt=10&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1098197188&clientId=9580

Journal of Accounting, Ethics & Public Policy 97
Volume 20, No. 1 (2019)

Lin, B., and J. Chen (2005), ‘Corporate technology portfolios and
R&D performance measures: a study of technology
intensive firms.” R&D Management 35 (2): pp.157-170.

Lorek, K. S. and G. L. Willinger (1996), ‘A multivariate time-series
prediction model for cash flow data’ The Accounting Review,
71 (January), pp. 81-101.

Magliocca, G. N. (2007), ‘Blackberries and Barnyards: Patent
Trolls and the Perils of Innovation,” Notre Dame Law
Review 82:5, pp. 1809-1838

Mullen, J. (2016), ‘Trolls made 2015 one of the biggest years ever
for patent lawsuits.”  https://arstechnica.com/tech-
policy/2016/01/despite-law-changes-2015-saw-a-heap-of-
patent-troll-lawsuits/

Mullen, J. (2014), ‘In 9-0 vote, Supreme Court makes it easier to
get fees in patent cases.” https://arstechnica.com/tech-
policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-
to-get-fees-in-patent-cases/

Pakes, A. (1985), ‘On Patents, R&D, and the Stock Market Rate of
Return,” The Journal of Political Economy, Vol. 93, pp.
390-400.

Plumlee, M, Y. Xie, M. Yan, and J. J. Yu. (2015), ‘Bank Loan
Spread and Private Information: Pending Approval
Patents.” Review of Accounting Studies 20.2: 593-638.

PWC, (2016). ‘2016 Patent Litigation Study: Are we at an
inflection point.’ https://arstechnica.com/tech-
policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-
to-get-fees-in-patent-cases/

Risch, M. (2015), ‘A Generation of Patent Litigation.” San Diego
Law Review 52 (1), pp 67-132.

Shi, C. (2003), ‘On the trade-off between the future benefits and
riskiness of R&D: A bondholders' perspective,” Journal of
Accounting & Economics 35 (2), pp. 227-55.

Tsai, K, and J. Wang. (2005), ‘Does R&D performance decline
with firm size? -re-examination in terms of elasticity.’
Research Policy 34: pp. 966-976.



https://arstechnica.com/tech-policy/2016/01/despite-law-changes-2015-saw-a-heap-of-patent-troll-lawsuits/
https://arstechnica.com/tech-policy/2016/01/despite-law-changes-2015-saw-a-heap-of-patent-troll-lawsuits/
https://arstechnica.com/tech-policy/2016/01/despite-law-changes-2015-saw-a-heap-of-patent-troll-lawsuits/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
https://arstechnica.com/tech-policy/2014/04/in-9-0-vote-supreme-court-makes-it-easier-to-get-fees-in-patent-cases/
http://proquest.umi.com/pqdweb?index=1&did=000000375327921&SrchMode=1&sid=3&Fmt=2&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1100789837&clientId=9580
http://proquest.umi.com/pqdweb?index=1&did=000000375327921&SrchMode=1&sid=3&Fmt=2&VInst=PROD&VType=PQD&RQT=309&VName=PQD&TS=1100789837&clientId=9580

98 Foster & Chou: Patent Trolling and Cash Flow Prediction

US Patent and Trademark Office (2017), ‘Extended Year Set -
Patenting By Geographic Region (State and Country),
Breakout by Organization, Count of 1969 — 2014 Utility
Patent Grants, By Calendar Year of Grant.’
https://www.uspto.gov/web/offices/ac/ido/oeip/taf/stcasga/u
sa_stcorg.htm (accessed March 22, 2017).



https://www.uspto.gov/web/offices/ac/ido/oeip/taf/stcasga/usa_stcorg.htm
https://www.uspto.gov/web/offices/ac/ido/oeip/taf/stcasga/usa_stcorg.htm

