
 

 

 

DID “PATENT TROLLING” CHANGE THE 

INCREMENTAL ABILITY OF PATENTS AWARDED TO 

PREDICT FUTURE CASH FLOWS FROM OPERATIONS?   

 

Benjamin P. Foster 

University of Louisville 

 

Nan-Ting Chou 

University of Louisville 

 

Key Words: patents, trolls, infringement lawsuits, cash flow 

prediction 

 

JEL Classification(s): K11, K41, M13, M41, M48  

 

 

Abstract 

This study examines whether companies’ patents 

obtained had less impact on future operating cash 

flows during the period of most patent troll 

litigation, 2010 to 2014.  We conduct analyses using 

cash flow predictive models and observations from 

companies that had consistently obtained patents 

granted by the U.S. Patent and Trademark Office. 

Regression results provide evidence to support our 

hypothesis that the value of the number of patents 

obtained in predicting operating cash flow was 

lower from 2010 to 2014, than before 2010.  From a 

policy standpoint, our findings support recent 

legislative and judicial actions that have limited the 

ability of entities to file patent infringement 

lawsuits. 
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INTRODUCTION AND MOTIVATION 

 

This study examines whether the recent increases in 

number of patents granted and patent lawsuits filed reduced the 

value of patents as measured by their incremental ability to predict 

future operating cash flows. Non-practicing entities (NPEs) are 

companies that typically own patents but do not practice the 

technology covered by their patents. Their main business strategy 

is to claim license fees and/or litigate against patent infringement. 

These litigations brought by NPEs led to a surge in patent litigation 

from 2010 to 2014 (Risch 2015).  Up until 2009, NPEs filed a 

relatively small fraction of patent infringement lawsuits (Cotropia 

et al., 2014).  By 2015, Ars Technica estimated that over two thirds 

of all patent lawsuits were filed by NPEs (Mullen 2016).   

Although not defined clearly, many NPEs were referred to 

as “patent trolls” (Mullen 2016).  Magliocca (2007) postulated that 

NPEs were most successful when they obtained out-of-court 

settlements before reaching jury verdicts. Allison et al. (2011) 

found that the most highly litigated patents experienced a 90% pre-

verdict settlement rate in lawsuits.  Also, a PWC (2016) report 

noted that damage awards to NPEs in patent litigation averaged 

almost three times more than awards to other entities from 2011 to 

2015.  

Recently, Supreme Court rulings have limited profitability 

of patent trolls. Two 2014 Supreme Court rulings allowed 

defendants to more readily receive judgment for legal fees from 

plaintiffs filing frivolous suits in patent cases ( PWC 2016; Mullen 

2014).  Also, two 2017 Supreme Court rulings limited the location 

in which a patent infringement case could be filed and limited the 

market basis for which a claim can be filed (Klein 2017). 

Likewise, over the years Congress considered several pieces of 

legislation intended to protect the patent rights of inventors.1 

                                                 
1 For example, the 2013-14 Congress considered: the Innovation 

Act (H.R. 3309), the Patent Transparency and Improvement Act 
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Did the increase in patent filings and patent infringement 

lawsuits reduce the value of patent count information to investors? 

Studies have examined the information content of patents and 

R&D expenditures. For example, Bloom and Van Reenen (2002, 

p.C97) noted that researchers have used patent counts to proxy for 

innovation.  Their analysis showed that patents had an immediate 

impact on market value, but had a lagged effect on productivity. 

The market response reflects an expectation that patents obtained 

will generate future cash flows. We test whether the nonfinancial 

information provided by patent counts was less useful in predicting 

future cash flows during a time of high “patent troll” activities. 

 Our results provide evidence that increasing numbers of 

patents granted and patent troll litigation reduced the value (or at 

least cash flow predictive value) of patents obtained. The next 

section reviews related literature.  Then the methodology and data 

are described.  Finally, the results and conclusions are discussed. 

 

LITERATURE REVIEW 

 

Use of Nonfinancial Information by Potential Investors 

 In addition to analyzing traditional financial statements, 

many investors and analysts look for non-financial information to 

help evaluate companies.  For example, Barth, et al. (2001a, p. 27) 

found that financial analysts expend more effort to follow 

companies with relatively larger proportions of intangible assets to 

market value. Amir and Lev (1996) found that, to investors in the 

wireless communications industry, nonfinancial measures were 

more relevant than financial measures.  However, reported 

                                                                                                             

(S. 1720), the Patent Abuse Reduction Act (S. 1013), the Patent 

Litigation Integrity Act (S. 1612), the Transparency in Assertion of 

Patents Act (S. 2049), and the Stopping the Offensive Use of 

Patents Act (STOP Act) (H.R. 2766).  The 2017-18 Congress also 

considered much similar litigation.  
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earnings did help explain securities prices when combined with 

nonfinancial measures.  

Gelb (2002, p. 459) suggests that firms with high levels of 

intangible assets increasingly rely on more informal and flexible 

disclosures to improve investor relations.  Informal disclosures 

(conference calls, other supplemental disclosures in voluntary 

publications, and supplemental disclosures in the notes to financial 

statements) are a significant source of information about firms that 

have substantial intangible assets. Information about patents 

obtained fall into this category and are readily available from the 

US Patent and Trademark Office. 

 

R&D Expenditures and Patent Counts 

Previous research has also examined how investors view 

R&D expenditures. Generally accepted accounting principles 

(GAAP) currently require the immediate expensing of internal 

expenditures for R&D that may create patents and other intangible 

property.  This method may lead to distorted information in the 

financial statements because a firm immediately expenses 

intangible investments that could lead to benefits in later periods.  

Thus, revenues are not matched with the previously expensed 

investments.  For example, see Ballester et al. (2003), Chan, et al., 

(2001), Green, et al., (1996), Lev and Sougiannis (1996), Eberhart 

et al. (2004); and Chen et al. (2005). Overall, these studies 

indicated that investors value R&D expenditures as investments in 

long-lived assets.  Consequently, the market believes that R&D 

expenditures will generate additional future cash flows.  

The mismatching of costs and revenues consequently 

affects forecasted earnings, book values, cost of debt, and the 

evaluation of growth opportunities.  This mismatching also distorts 

the cost of capital, and further leads to market mis-pricing (Chan et 

al., 2001; Eberhart et al., 2004).  One reason GAAP does not allow 

capitalization of R&D expenditures is the uncertainty of related 

future cash flows.  For example, Kothari et al. (2002) found that 

R&D expenditures produced much greater future earnings 
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variability than normal capital expenditures.  Also, future earnings 

generated from R&D expenditures are much less certain. Shi 

(2003) reported that bondholders recognize this uncertainty and 

found that R&D measures explain 80 percent of the difference in 

bond risk premiums and ratings.  

The nonfinancial measure of patents obtained could 

provide some verification that R&D expenditures result in 

intangible assets that provide future earnings and cash flows.  

Pakes (1985) noted considerable evidence of the importance of 

technology in the form of patents for firms’ productivity and stock 

market performance.  Later, Bloom and Van Reenen (2002, p. 

C97) observed that while patents impact market values 

immediately, the effect upon productivity is lagged and more 

prolonged. Thus, immediately expensing costs associated with 

patents creates a problem of costs not matching with revenues due 

to the requirement that R&D costs be immediately expensed.  

Cockburn and Griliches (1988, p. 421) estimated an 

implied value of $400,000 to $1 million per patent granted 

depending upon the industry.  However, the patent variable 

became less significant in explaining market value when R&D 

variables were added to their models.  According to Cockburn and 

Griliches (1988, p. 422), patent counts provide some information, 

but the information is error prone.  They believed that R&D 

expenditures provide stronger information than patent counts.   

 

Patent Value 

Recent research provides evidence of the value of patents. 

For example, de Rassenfosse and Fischer (2016) found that 

entrepreneurs with patents available for collateral significantly 

increase their chance of obtaining a loan from venture capitalists. 

In fact, even startups without tangible assets and incurring negative 

cash flows could obtain venture loans when holding patents.   

Plumlee et al. (2015) examined whether bank loan 

contracts could be impacted by a Notice of Allowance (NOA) 

issued by the US Patent and Technology Office (USPTO) notifying 
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a patent applicant that the patent is pending approval.  An NOA 

indicates that a patent is forthcoming if fees are paid within three 

months and is a private communication between the USPTO and 

patent applicants. However, banks may ask for, and be influenced 

by, private information regarding lending decisions. Plumlee et al. 

(2015) found that NOAs related to patents, reduced the interest 

rates charged by banks to companies that received them. 

 

Trends in Patent Counts 

Table 1 shows the trend of utility patents granted by the 

USPTO calendar year from 1990 to 2014.  Patents granted varies 

much from year to year with declines or slower growth in the 

numbers during and around economic recessions. The largest 

percentage increases occurred in 1998, at the peak of the 

technology bubble, and in 2010, the start of the purported patent 

troll phenomena. The large number of patents granted continued 

steadily through 2014. 

Our study investigates whether the association of patent 

counts and future operating cash flow diminished during the time 

of the most active patent troll litigation from 2010 to 2014. We 

included the log of patents obtained and R&D expenditures as 

variables in our cash flow forecasting models. With several years 

of data, we added a time-based interaction term to see if the  

predictive ability of patents had decreased during 2010 to 2014. 

Significant findings provide support for the notion that patent 

counts’ value in predicting future cash flows diminished. 

 

METHODOLOGY AND DATA 

Hypotheses 

Many researchers have used the ability to predict future 

operating cash flows as a criterion for evaluating the usefulness of 

accounting information.  (For example, see Cheung et 

al., 1997; Krishnan and Largay, 2000; and Barth et al., 2001b).  

Patents are one measurable output of R&D that may increase 

future cash flows.  Increased market value associated with patents  
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Table 1 

Utility Patents Granted 1990-2014 

Calendar 

year 

Utility Patents 

Granted 

(inventions) 

Growth rate of 

utility patents 

2014 300,678 8.22%  

2013 277,835 9.75%  

2012 253,155 12.76%  

2011 224,505 2.23%  

2010 219,614 31.23%  

2009 167,349 6.07%  

2008 157,772 0.31%  

2007 157,282 -9.49%  

2006 173,772 20.84%  

2005 143,806 -12.47%  

2004 164,290 -2.80%  

2003 169,023 1.01%  

2002 167,331 0.78%  

2001 166,035 5.42%  

2000 157,494 2.61%  

1999 153,485 4.05%  

1998 147,517 31.73%  

1997 111,984 2.13%  

1996 109,645 8.11%  

1995 101,419 -0.25%  

1994 101,676 3.39%  

1993 98,342 0.92%  

1992 97,444 0.97%  

1991 96,511 6.80%  

1990 90,365 -5.41%  

 

obtained and higher R&D expenditures indicate that investors 

should expect higher future cash flows from the patents and R&D 
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expenditures.  We follow cash flow prediction research to test the 

incremental value of patents obtained by companies prior to 2010 

and from 2010 to 2014.  We expect higher numbers of patents 

granted and patent troll litigation after 2009 to reduce the ability of 

patent counts to predict future operating cash flows.  

Consequently, we test the following hypotheses:   

H1: The value of the number of patents obtained will be 

lower in operating cash flow predictive models 

during 2010 to 2014, than previous years.   

 

Data 

      The patent information was obtained from the US Patent and 

Trademark Office (2017), Extended Year Set, Count of Utility 

Patent Grants by Calendar Year, which contains a rank ordered 

listing of organizations receiving 100 or more utility patents during 

1969 – 2014. As of March 22, 2017, the patent report included 

over 2,323 entities including corporations, government agencies, 

and universities.  We limit our sample to relatively recent years 

and companies that consistently obtain patents over time.  

 To be included in our sample, a company must have 

obtained at least 10 patents during 2003-2009 and during 2010-

2014. This criterian was met by 341 companies with Compustat 

data. With an observation available for each of the 12 years 

covered in the sample, 4092 possible data points were available. 

However, 1051 of those company-years did not have complete data 

necessary in Compustat. Table 2, Panel A shows the process taken 

to arrive at our sample of 3041 firm year observations.  Table 2, 

Panel B provides a breakdown in our sample by one-digit SIC 

codes. 

Data in Table 2 comes from the National Bureau of 

Economic Research list of organizations with the most patents 

granted. The sample was limited to companies included in the 

Compustat database and that recorded at least 10 patents from 

2003 to 2009 and at least 10 patents from 2010 to 2014. 
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Table 2 

Sample 

 

Panel A: Construction of Usable Sample  (2003-2014) 

 Total organizations from the National Bureau of 

Economic Research list organizations with the most 

patents granted 

2,323 

 Noncorporate organizations and corporations not 

in Compustat 

1,881 

 Corporations in Compustat     442 

 

 

 

 

 Corporations lacking consistent patent awards 

throughout period 

   101 

 Corporations with 10 patents in both periods 

(2003-2009 and 2010-2014) 

   341 

  Possible years available              x 12 

  Total possible observations 4,092 

  Observations with missing data  1,051 

  Observations used in analyses  3,041 

 

Panel B:  Sample Observation Breakdown by SIC Code 

SIC 

Code 
Industry  Observations:  Total and per subsample 

  2003-14 2003-07 2006-09 2010-14 

000s Agriculture, Forestry, and Fishing 71 22 27 38 

1000s  Mining and Construction 42 20 16 14 

2000s Manufacturing, non-durable goods 803 377 280 294 

3000s Manufacturing, durable goods 1828 806 628 711 

4000s Transportation, Communication, 

Electric, Gas and Sanitary Services 36 15 12 15 

5000s Wholesale and Retail Trade  0  0  0  0 

6000s  Finance, Insurance, and Real Estate 44 16 14 20 

7000s 
Hotel, Personal, and Business 

Services 193 83 66 76 

8000s Health, Legal, Education, and Social 

Services 12 5 4 5 

9000s Public Administration 12 5 4 5 

      

  Total 3,041 1349 1051 1178 
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Models 

  Our models are similar to those used by Cheung, et al. 

(1997), which were based on models developed by Lorek and 

Willinger (1996). Tsai and Wang (2005), Lin and Chen (2005), and 

others have noted that patent applications do not mark the start of 

cash flows related to the new intangible asset.  R&D expenditures 

frequently lead to patents. To determine whether patent and R&D 

expenditure measures are useful in predicting future operating cash 

flow, we use one-year ahead cash flow from operations plus R&D 

expenditures (CFFOt+1+R&Dt+1) and CFFOt+1 as dependent 

variables. In one model, R&D expenditures are added back to 

CFFO because R&D expenditures directly reduce CFFO under 

current GAAP. 

 Following Cheung et al. (1997), our models are specified as:   

 Model 1:  (CFFOt+1+R&Dt+1) = 0+1(CFFOt+R&Dt) 

+2OIBDt+3ARt +4INVt + 5APt +6R&Dt + 7logPatt 

+8lateryr*logPatt + t  

 

Model 2:  CFFOt+1 = 0+1CFFOt+2 OIBDt+3ARt +4INVt + 

5APt +6R&Dt + 7logPatt +8lateryr*logPatt + t  

 

All variables except logPAT are scaled by the year-end book value of 

total assets.  

Where: 

      (CFFOt+1+R&Dt+1) = cash flow from operating activities plus 

R&D expenditures during yeart+1/ 

  total assets at end of yeart+1, 

       (CFFOt+R&Dt) = cash flow from operating activities plus R&D 

expenditures during yeart/ 

  total assets at end of yeart, 

        CFFOt+1 = cash flow from operating activities during yeart+1/ 

  total assets at end of yeart+1, 

        CFFOt = cash flow from operating activities during yeart/ 

  total assets at end of yeart, 
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  OIBDt = operating income before depreciation during yeart/ 

    total assets at end of yeart, 

  ARt = accounts receivable at the end of yeart/ 

    total assets at end of yeart, 

 INVt = inventory at the end of yeart/ 

    total assets at end of yeart, 

 APt = accounts payable at the end of yeart/ 

    total assets at end of yeart, 

             R&Dt = expenditures for research and development during 

     yeart/total assets at end of yeart, 

    LogPATt = log of (1 + number of patents obtained by the 

     company during yeart), and 

 (lateryr*logPATt)  = interaction between log of (1 + patents 

     obtained by the company during yeart), and lateryr: 

  where lateryr =  0 if year < 2009, 1 if year > 2009. 

 

To test our hypothesis, the coefficient of the interaction term 

lateryr*logPATt is of interest.  

 

RESULTS 

Descriptive Statistics 

To focus on companies for which patents obtained might 

provide useful information to potential investors, we limit our 

sample to companies that consistently obtained patents during the 

time of interest. Consequently, our sample contained firm-year 

observations for companies that obtained at least 10 patents during 

the years 2003 to 2009 and from 2010 to 2014.  Table 3 reports 

descriptive statistics of the variables in the sample.   To reduce the 

impact of extreme observations, we Windsorized the variables at 

the 1% level. We expect that the value of patents in predicting 

future cash flows may have diminished in 2010 to 2014, compared 

to earlier periods. Because our hypothesis deals with a change in 

the value of patents over time, Table 3 also provides descriptive 



 

 

 

Table 3 

Descriptive Statistics 

 2003-14  2006-2009  2010-2014  2003-2007 

Variable All 

Obs.  Mean 

Std 

Dev  Obs.  Mean 

Std 

Dev  Obs.  Mean 

Std 

Dev  Obs.  Mean 

Std 

Dev 

Sizet 3041 7.95 1.97  1051 7.89 1.94  1178 8.19 2.06  1349 7.73 1.86 

CFFOt+1+R&Dt+1 3041 0.15 0.13  1051 0.15 0.13  1178 0.15 0.14  1349 0.15 0.13 

CFFOt+R&Dt 3041 0.16 0.13  1051 0.16 0.12  1178 0.16 0.13  1349 0.15 0.12 

CFFOt+1 3041 0.08 0.16  1051 0.08 0.17  1178 0.07 0.17  1349 0.08 0.16 

CFFOt 3041 0.09 0.13  1051 0.09 0.13  1178 0.10 0.12  1349 0.09 0.13 

OIBDt 3041 0.12 0.15  1051 0.12 0.16  1178 0.13 0.14  1349 0.12 0.15 

ARt 3041 0.15 0.09  1051 0.16 0.09  1178 0.15 0.09  1349 0.15 0.09 

INVt 3041 0.10 0.07  1051 0.11 0.07  1178 0.11 0.07  1349 0.10 0.07 

APt 3041 0.07 0.05  1051 0.07 0.05  1178 0.07 0.05  1349 0.07 0.05 

logPATt 3041 3.36 1.50  1051 3.14 1.42  1178 3.67 1.60  1349 3.16 1.40 

R&Dt 3041 0.07 0.08  1051 0.08 0.08  1178 0.07 0.08  1349 0.15 0.13 

Lateryr 3041 0.39 0.49  1051 0.00 0.00  1178 1.00 0.00  1349 0.00 0.00 

T-test results for difference between 2006-2009 period and 2010-2014, and 2003-2007 period and 2010-

2014:  Bold = p-value < 0.01; Bold = p-value < 0.05; ____ = p-value < 0.10 
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Table 3 

Legend 

 

       (CFFOt+1+R&Dt+1) = cash flow from operating activities plus R&D expenditures during yeart+1/ 

  total assets at end of yeart+1, 

        (CFFOt+R&Dt) = cash flow from operating activities plus R&D expenditures during yeart/ 

  total assets at end of yeart, 

         CFFOt+1 = cash flow from operating activities during yeart+1/total assets at end of yeart+1, 

         CFFOt = cash flow from operating activities during yeart/total assets at end of yeart, 

  OIBDt = operating income before depreciation during yeart/total assets at end of yeart, 

  ARt = accounts receivable at the end of yeart/total assets at end of yeart, 

 INVt = inventory at the end of yeart/total assets at end of yeart, 

 APt = accounts payable at the end of yeart/total assets at end of yeart, 

             R&Dt = expenditures for research and development during yeart/total assets at end of yeart, 

    LogPATt = log of (1 + number of patents obtained by the company during yeart), and 

 (lateryr*logPATt)  = interaction between log of  

  (1 + patents obtained by the company during yeart), and lateryr: 

  where lateryr =  0 if year < 2009, 1 if year > 2009. 



 

 

 

statistics of three different time periods: the later period, 2010-

2014, and earlier periods 2006-2009 and 2003-2007. 

The periods 2006-2009 and 2003-2007 were chosen so that 

the number of observations would be comparable to 2010-2014. 

While 2006 and 2009 is closer to the later period of 2010-2014, 

this period was impacted greatly by the 2008-2009 international 

financial crisis and “Great Recession”. Unusually bad economic 

conditions could distort the results of cash flow prediction models 

including the impact of patents granted. Consequently, 2003-2007 

data was also used as our earlier period. As indicated in Table 3, 

the means of our variables in the earlier and later time period are 

similar except for company size and the log of patents. 

 

Multivariate Regression Analyses 

Table 4 reports the regression results for Model 1 with 

CFFOt+1+R&Dt+1 as the dependent variable. The model includes 

the same variables as the Cheung et al. (1997) cash flow predictive 

model plus R&Dt, logPATt, and lateryr*logPATt. Regression 

performed on our complete data set (3041 observations from 2003-

2014) produced an adjusted R2 of 0.580. Variables CFFOt+R&Dt, 

OIBDt
 , R&Dt, and logPATt, are all statistically significant with 

expected (positive) signs on the coefficients. The significance and 

negative sign on the coefficient for lateryr*logPATt supports our 

hypothesis, indicating that patents obtained from 2010 to 2014 

have a less positive impact on future cash prediction models than 

those obtained before 2010.   

To focus on operating cash flows, Table 5 reports the 

regression results for Model 2 with CFFOt+1as the dependent 

variable. Regression performed on our complete data set produced 

an adjusted R2 of 0.327.2 This analysis produces results very 

                                                 
2 Comparatively, cash flow prediction models for almost the entire set of 

Compustat companies constructed by Barth et al. (2001b) produced adjusted R2s 

of around 0.35 to 0.39.   
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similar to those of Model 1, with several explanatory variables 

significant in the expected direction. In this analysis, R&Dt is no  
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Table 4 

Regression Results   (CFFOt+1+R&Dt+1) 

 

2003-2014 

Observations 

2006-2009, 

2010-2014 

Observations 

2003-2007, 

2010-2014 

Observations 

Variables 1    N = 3,041 2,229 2,527 

Intercept 0.005 -0.005 0.000 

Sizet 0.000 0.001 0.001 

CFFOt+ R&Dt 0.661*** 0.623*** 0.680*** 

OIBDt 0.137*** 0.153*** 0.132*** 

ARt 0.011 0.015 0.011 

INVt -0.006 0.003 -0.019 

APt -0.089** -0.055 -0.091** 

R&Dt 0.247*** 0.315*** 0.229*** 

logPATt 0.004*** 0.002 0.005*** 

Lateryr*logPATt -0.002** -0.001 -0.003*** 

    

Adjusted R2  0.580 0.546 0.594 

  * significant at 10% level; ** significant at 5% level; 

***significant at 1% level 
     1 See Table 3 for a description of the variables.  

   Model:  (CFFOt+1+R&Dt+1) = 0 + 1Size  + 2 (CFFOt+R&Dt) 

+3OIBDt + 4ARt + 5INVt + 6APt +7R&Dt 

+8logPATt + 9(Lateryr*logPATt) +t  

 

longer significant, but logPATt, is positive and significant. The 

coefficient for lateryr*logPATt is negative and significant.  This 

result supports our hypothesis that the value of patents in 

predicting future cash flows diminished.   

 To assess the impact of the financial crisis, Tables 4 and 5 

report regression results for analyses with observations from two 

subsets of the total sample, 2006-2014 with 2229 observations, and 

2003-2007 and 2010-2014 with 2527 observations. The subsample 

for 2006 to 2014 produces the lowest adjusted R2 of the three time  



Foster & Chou: Patent Trolling and Cash Flow Prediction 

 

92 

Table 5 

Regression Results CFFOt+1 

 

                                        

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

* significant at 10% level; ** significant at 5% level; 

***significant at 1% level 
 1 See Table 3 for a description of the variables.  

Model:  CFFOt+1 = 0 + 1Sizet  + 2 CFFOt + 3OIBDt +  

     4ARt + 5INVt + 6APt +7R&Dt +8logPATt + 

      9(Lateryr*logPATt) +t 

 

periods, with insignificant coefficients on both logPATt, and 

lateryr*logPATt. In contrast, the subsample for 2003-2007 and 

2010-2014 produces the highest adjusted R2 of the 3 time periods 

and the coefficients on both logPATt, and lateryr*logPATt are 

significant with the expected signs. Thus, we can conclude that 

results support our hypothesis when excluding 2008 and 2009 

observations which may have been impacted by the severe 

economic conditions during the Great Recession. 

 

2003-2014 

Observations 

2006-2009, 

2010-2014 

Observations 

2003-2007, 

2010-2014 

Observations 

Variables 1    N = 3,041 2,229 2,527 

Intercept -0.056*** -0.074*** -0.065*** 

Sizet 0.008*** 0.010*** 0.009*** 

CFFOt 0.443*** 0.271*** 0.463*** 

OIBDt 0.226*** 0.325*** 0.222*** 

ARt 0.012 0.005 0.017 

INVt 0.079* 0.067 0.079* 

APt -0.176*** -0.088 -0.222*** 

R&Dt -0.028 -0.012 -0.019 

logPATt 0.004* 0.002 0.004* 

Lateryr*logPATt -0.004*** -0.002 -0.004*** 

    

Adjusted R2  0.327 0.271 0.333 
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Sensitivity and Robustness Tests 

Because we had Windsorized our variables at the 1% level 

we also ran the regressions without Windsorizing the most extreme 

one percent of observations.  The results were similar but 

somewhat weaker without Windsorization. Because cash inflows 

may lag granting of a patent, we also conducted the analyses with 

logPATt-1 and, lateryr*logPATt-1 as explanatory variables. These 

analyses produced very similar results to those reported in Tables 4 

and 5. 

Because observations for the same companies are taken 

over successive years, some assumptions necessary for unbiased 

significant tests may not be met. Thus, we also conducted 

regression with robust standard errors in SAS. Statistical tests 

conducted with robust standard errors produced the same results as 

those from the initial analyses. 

 

CONCLUSIONS 

 

This is the first study to examine whether companies’ 

patents obtained had less impact on future operating cash flows 

during the period of most patent troll litigation, 2010 to 2014.  We 

focused on predicting operating cash flows one year ahead for 

companies who had consistently obtained patents granted by the 

U.S. Patent and Trademark Office over time. We used models 

similar to those used by Cheung, et al. (1997) to predict operating 

cash flows one year ahead.  Regression results provide evidence to 

support our hypothesis that the value of the number of patents 

obtained in predicting operating cash flow was lower for the 

period from 2010 to 2014, than before 2010. 

These results indicate that patent troll activity did skew the 

value of patents regarding future operating cash flows. Less impact 

on operating cash flows could have resulted from an overall 

decrease in the value of patents because of the high number of 

patents filed during that time, or because defending patent 



Foster & Chou: Patent Trolling and Cash Flow Prediction 

 

94 

infringement litigation from patent trolls significantly reduced the 

net operating cash flows of the publicly traded companies included 

in our sample.  From a policy standpoint, our findings support the 

decisions made to limit the ability of NPEs to file patent 

infringement lawsuits. 
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